The traditional quantitative genetics model was used as the unifying approach to derive six existing and new definitions of genomic additive and dominance relationships. The theoretical differences of these definitions were in the assumptions of equal SNP effects (equivalent to across-SNP standardization), equal SNP variances (equivalent to within-SNP standardization), and expected or sample SNP additive and dominance variances. The six definitions of genomic additive and dominance relationships on average were consistent with the pedigree relationships, but had individual genomic specificity and large variations not observed from pedigree relationships. These large variations may allow finding least related genomes even within the same family for minimizing genomic relatedness among breeding individuals. The six definitions of genomic relationships generally had similar numerical results in genomic best linear unbiased predictions of additive effects (GBLUP) and similar genomic REML (GREML) estimates of additive heritability. Predicted SNP dominance effects and GREML estimates of dominance heritability were similar within definitions assuming equal SNP effects or within definitions assuming equal SNP variance, but had differences between these two groups of definitions. We proposed a new measure of genomic inbreeding coefficient based on parental genomic co-ancestry coefficient and genomic additive correlation as a genomic approach for predicting offspring inbreeding level. This genomic inbreeding coefficient had the highest correlation with pedigree inbreeding coefficient among the four methods evaluated for calculating genomic inbreeding coefficient in a Holstein sample and a swine sample.
Introduction
Genomic relationship among individuals is a measure of genomic relatedness or similarity among individuals and allows genomic prediction and variance component estimation to use theoretical results and computational strategies of best linear unbiased prediction (BLUP). Genomic relationship is calculated using genome-wide single nucleotide polymorphism (SNP) markers without referencing to pedigree information. Therefore, genomic relationship is particularly appealing for wildlife and animal populations where pedigree information is unavailable or incomplete.
The first attempt to use marker information to construct the G matrix for using BLUP to predict total marker effects was the approach of Nejati-Javaremi et al. [1] that defines the G matrix as twice the average marker IBS probability (IBS 5 identity by state). VanRaden derived the first genomic additive relationship formula based on the standardization of the 2-1-0 (or 0-1-2) coding of SNP genotypes [2] . This formula divides the W a W a 0 matrix by the total expected heterozygosity of all SNP markers, where W a is the model matrix for SNP additive effects with each SNP coding being the deviation of the 2-1-0 coding from its mean. This approach leads to the prediction of genomic breeding values [2, 3] . Another method by Hayes and Goddard uses the average of the diagonal elements of the W a W a 0 matrix in the denominator of the genomic relationships [3] . Rather than using a common denominator for all relationships, a third method divides each SNP's additive coding by the SNP's heterozygosity based on VanRaden's method for additive effects [4] . Da et al. proposed the quantitative genetics model that partitions a genotypic value into breeding value and dominance deviation for genomic prediction and variance component estimation of additive and dominance effects [5, 6] . The genomic additive relationships using the quantitative genetics model were identical to those based on standardization of SNP 2-1-0 coding. VanRaden derived the genomic dominance relationship formula based on the quantitative genetic model (Personal communication from P. VanRaden to Y. Da, March 3, 2013, described in [6] ), and Da et al. [6] extended the method of Hayes and Goddard for genomic additive relationships [3] to genomic dominance relationships. Su et al. proposed genomic dominance relationships using the approach of standardization of the 0-1-0 dominance coding [7] . Vitezica et al. [8] derived the dominance relationships using the quantitative genetics model and showed that the genomic dominance relationship of Su et al. [7] was a reparameterization of the quantitative genetics model. Genomic relationships on average were consistent with the theoretical expectation of the corresponding pedigree relationships [6] . This consistency provides a justification for the interpretation of genomic relationships in parallel to pedigree relationships. In contrast to pedigree relationships, genomic relationships are realized relationships calculated from genome-wide SNP markers resulting from generations of drift, recombination, mutation and selection that are not considered by pedigree relationships, and estimates of genomic relationships for different individuals generally had their own genomic specificity unobservable from the pedigree estimates although on average genomic and pedigree relationships were consistent [6] .
Inbreeding is a major issue in animal breeding and wildlife conservation because inbreeding may result in inbreeding depression associated with reduced survival and fertility [9, 10] . Inbreeding coefficients calculated from SNP markers do not require pedigree information and hence have wider applicability than pedigree inbreeding coefficients that cannot be calculated without pedigree information. Assuming the parallelism between genomic and pedigree relationships, inbreeding coefficients could be calculated using diagonal elements of the genomic additive relationship matrix as a function of the SNP model matrix for genomic prediction [11] . To improve the correlation between genomic and pedigree inbreeding coefficients, Yang et al. [4] proposed different diagonal elements of the genomic additive relationship matrix that are not from the SNP model matrix for genomic prediction, and Keller et al. [12] showed that genomic inbreeding coefficients using runs of homozygosity (ROH) achieved higher correlation with pedigree inbreeding coefficients than the method of Yang et al. [4] . All these methods for calculating genomic inbreeding coefficients use the individual's own SNP data. However, predicting offspring inbreeding levels before the offspring were born is an important issue in breeding plans. For this purpose, a method of calculating offspring inbreeding coefficient from parental genomic relationships can be developed.
In this study, we show that quantitative genetics theory can be the unifying theory for deriving existing and new genomic additive and dominance relationships and for studying the theoretical differences among various definitions of genomic relationships. We propose a method for calculating genomic inbreeding coefficient using a combination of genomic correlation from the quantitative genetics model, classical definition of inbreeding coefficient, and the theoretical expectation of genomic additive relationships. We also explore numerical differences among various genomic relationships and inbreeding coefficients using a Holstein sample and a swine sample.
Methods

Quantitative genetics model for SNP markers assuming HWE
Under the assumption of Hardy-Weinberg equilibrium (HWE), the traditional quantitative genetics model partitions a genotypic value into the summation of a common mean, breeding value and dominance deviation [6, 13] 
Genomic and pedigree covariances between two individuals
Based on the genomic breeding value and dominance deviation defined in Equation  1 and the results that the mean values of breeding values and dominance deviations are null assuming HWE [13] , the covariances between genomic breeding values and between genomic dominance deviations of two individuals are:
Using pedigree relationships, the covariances between breeding values and between dominance deviations of two individuals [13, 14] are: The average of the additive or dominance SNP coding in Equation 12 can be shown to be null, i.e., P q j~1 w aij~0 and P q j~1 w dij~0 under the assumption of Hardy-Weinberg equilibrium (HWE) (S1 Text, Part A), so that the means of breeding values and dominance deviations for each SNP are null. Using this result, the sample additive and dominance variances of the i th SNP are:
where 
Results and Discussion
Genomic relationships derived from the quantitative genetics model 
where A g 5 genomic additive relationship matrix and D g 5 genomic dominance relationship matrix. Various existing and new definitions can be derived from Equations 19-20 or 21-22. In this study, four existing definitions of genomic relationships and two new definitions are derived based on these equations (Table 1) . From the point of view of the quantitative genetics model, Definitions I-III assume equal SNP effects, Definitions IV-VI assume equal SNP variances across SNP markers, Definitions I and IV use expected SNP variance, and Definitions II and V use sample SNP variance. The standardization of SNP coding for defining genomic relationships is an across-SNP standardization using a common denominator for all SNPs for Definitions I-III, and is a within-SNP standardization of each SNP using its own SNP variance for Definitions IV-VI.
Definition I -equal SNP effects (across-SNP standardization), expected variances
Assuming equal SNP additive and dominance effects, a i~a and d i~d , and using the expected additive and dominance variances of Equations 2-3, the genomic relationships of Equations 19-20 reduce to: is the same as in [3] , and Equation 26 is the same as in [6] .
Definition IV -equal expected SNP variances (within-SNP standardization)
Assuming equal additive and dominance variances rather than equal additive and dominance effects across SNP markers and using the expected variances of Equations 2-3, the genomic relationships of Equations 19-20 reduce to:
where K are the same as the off-diagonal elements in [4] .
Definition V -equal sample SNP variances (within-SNP standardization)
Using sample variances of Equations 13-14 rather than the expected variances of Equations 2-3, the genomic relationships of Equations 19-20 reduce to:
Genomic correlations
Genomic relationships between two individuals of Definitions I-II and IV-V as off-diagonal elements of the relationship matrices are not mathematically comparable for genomic relatedness because those off-diagonal elements are not exactly correlations. Genomic correlations (Definitions III and VI) among different individuals are mathematically comparable and provide a reference to evaluate other genomic relationship definitions.
Definitions III and VI -genomic correlations
The general formulations of genomic additive and dominance correlations are:
where A jk and D jk can be from any of Definitions I, II, IV and V. Equation 31 is the genomic version of Wright's coefficient of relationship or theoretical correlation between relatives [13, 15] . Based on Equations 31-32, the genomic additive correlation matrix (C a ) and the genomic dominance correlation matrix (C d ) can be expressed as:
where Q a 5 diag{A Table) . Therefore, we will use A jk and D jk values from Definition V only in Definition VI. The six definitions of genomic additive and dominance relationships are implemented in GVCBLUP 3.9 [16] , which is freely available at http://animalgene.umn.edu.
Genomic inbreeding coefficient based on parental genomic additive relationship
We formulate genomic inbreeding coefficients using parental genomic relationships based on the following results: 1) The inbreeding coefficient of an individual is the coancestry coefficient between the parents, 2) A jk 5 additive relationship between individuals j and k 5 26(coancestry coefficient between individuals j and k) [13] , and 3) Genomic additive relationships on average are consistent with pedigree '26(coancestry coefficient)' according to results in this article and in our previous report [6] . With these results, we define the genomic inbreeding coefficient of an individual as:
or
where individuals j and k are the parents of the individual; F A 5 genomic inbreeding coefficient using parental additive genomic relationship of Definition I, II, IV or V; F c 5 genomic inbreeding coefficient using parental additive genomic correlation of Definition III or VI; F jk 5 genomic coancestry coefficient between parents j and k; A jk 5 genomic additive relationship between the parents calculated from any of Definitions I, II, IV or V; and c ajk 5 genomic correlation between the parents from Definition III or VI. In this study, c ajk of Definition III uses A jk , A jj and A kk from Definition II, and c ajk of Definition VI uses A jk , A jj and A kk from Definition V.
Comparison of different definitions of genomic relationships and correlations
Genomic additive and dominance relationships between individuals
The average values of genomic additive and dominance relationships were consistent with theoretical expectations of pedigree relationships in the Holstein sample ( Fig. 1 ) and the swine sample (Fig. 2) . For the Holstein sample, the average genomic additive relationships were below but close to those of '26(coancestry coefficient)' calculated from the pedigree data. The genomic additive relationships of Definitions I-VI were 0.459-0.469 for parent-offspring, 0.489-0.515 for full-sibs, and 0.205-0.212 for half-sibs, compared to '26(coancestry coefficient)' average value of 0.574 for parent offspring, 0.575 for full-sibs, and 0.341 for half-sibs (Table 2) .
For the swine sample, the average genomic additive relationships were almost the same as those of '26(coancestry coefficient)' calculated from the pedigree data. The genomic additive relationships of Definitions I-VI were 0.513-0.534 for parent offspring, 0.526-0.543 for full-sibs and 0.289-0.299 for half-sibs, compared to '26(coancestry coefficient)' average value of 0.528 for parent offspring, 0.530 for full-sibs, and 0.294 for half-sibs (Table 3) .
Genomic additive relationships from the swine sample were clearly more consistent with the pedigree relationships than those from the Holstein sample. This difference likely was due to two factors. First, most Holstein cattle with SNP genotypes were distributed in the last 3-5 generations of the pedigree that approximately comprised of ten generations [17] , whereas pigs with SNP data were distributed across the entire swine pedigree (S1 Figure) . Consequently, the Holstein cattle with SNP genotypes on average were subjected to more generations of genetic sampling than the pigs with SNP genotypes, resulting in less genomic relationships among the Holstein cattle. Second, sources of samples could have contributed to different degrees of genomic relatedness: the Holstein sample was from a diverse source of three companies and five universities [18] , whereas the swine sample was from one company only [19] . In both Holstein and swine samples, genomic correlations of Definitions III and VI had mean additive correlations that were slightly closer to the mean of pedigree additive relationships (Tables 2 and 3 ). This slight advantage could be the reason why Definitions III and VI had better genomic inbreeding coefficients, as to be shown. Overall, the average genomic additive relationships were remarkably consistent with the theoretical expectation of '26(coancestry coefficient)'.
For genomic dominance relationships, only full-sibs are expected to have dominance relationship value of 0.25 assuming no inbreeding. Parent-offspring and half-sibs are expected to have no dominance relationship. The observed genomic dominance relationships were consistent with these theoretical expectations. The average genomic dominance relationships of Definitions I-VI were 0.283-0.306 in the Holstein sample and were 0.257-0.272 in the swine sample for full-sibs, and were nearly zero for parent-offspring and half-sibs in both samples. The higher mean values of genomic dominance relationships of full-sibs in the Holstein sample were due to the three outliers that were nearly '1' among the 48 data points (Fig. 1) . With the removal of those three outliers that likely were identical twins, the mean of additive relationships drops to 0.228 for Definition I to 0.237 for Definition VI, and the mean of dominance relationships drops to 0.231 for Definition V or 0.249 for Definition VI. Overall, the average genomic dominance relationships were also remarkably consistent with the theoretical expectations.
Realized versus expected relatedness
Genomic and pedigree relationships had a major difference: genomic relationships had individual genomic specificity and large variations not observed in pedigree relationships. For the Holstein sample, the range of genomic additive relationships was 20.039 to 0.584 for parent-offspring, compared to pedigree relationships of 0.500-0.653; 20.042 to 1.036 for full-sibs (the 1.036 value likely was due to identical twins), compared to pedigree relationships of 0.531-0.605; and 20.120 to 0.444 for half-sibs, compared to pedigree relationships of 0.250-0.508 (Table 2) . For the swine sample, the range of genomic additive relationships was 0.310-0.924 for parent-offspring, compared to pedigree relationships of 0.500-0.692; 0.278-0.938 for full-sibs, compared to pedigree relationships of 0.531-0.605; and 20.030 to 0.932 for half-sibs, compared to pedigree relationships of 0.250-0.525 (Table 3) . Genomic dominance relationships also had large variations (Tables 2 and 3) . These large variations indicate that genomic relationships can be used to find least related genomes within the same family or among closely related individuals on the pedigree. This is important for minimizing genomic similarity in breeding plans and wildlife conservation, particularly in populations with small effective population sizes such as in endangered species. In contrast, pedigree relationships generally do not reflect real variations of genomic relatedness because genomic and pedigree relationships were mostly uncorrelated except for the case of half-sibs where the correlation between genomic and pedigree additive relationships was 0.212-0.216 for the Holstein sample and was 0.141-0.247 for the swine sample (S1 Table) . These results indicate that using pedigree relationships to select individuals with least related genomes would have only limited success. Genomic relationships can be viewed as the realized genetic relationships among individuals, because each individual's genome is the realization of various factors affecting an individual's genetic composition, including genetic sampling from parents to offspring, recombination, selection and mating systems over generations, whereas pedigree relationships do not consider all these factors. Therefore, genomic relationships should be preferred to pedigree relationships for measuring genomic relatedness of different individuals.
Genomic inbreeding coefficients
We compared four methods for calculating genomic inbreeding coefficients: i) Using the individual's diagonal element of genomic additive relationship based on the SNP model matrix for genomic prediction: F~A ii {1, where A ii 5 the i th diagonal element of A g by Definition I, II, IV or V from the SNP model matrix for genomic prediction; ii) Using the individual's diagonal element of genomic additive relationship designed for calculating inbreeding coefficient (not from SNP model matrix for genomic prediction) [4, 12] : F~A ii {1, where A ii 5 the i th diagonal element of Definition IVb; iii) Using parental genomic additive relationship: F A~F jk~0 :5A jk (Equation 35 using A jk from Definition I, II, IV or V); and iv) Using parental genomic additive correction: F c~F jk~0 :5c ajk (Equation 36 using c ajk from Definition III or VI). The swine sample was used to compare these four methods ( Table 4 ). The averages of genomic inbreeding coefficients of Methods ii)-iv) were close to the average of pedigree inbreeding coefficients, whereas the averages of genomic inbreeding coefficients Methods i) had the largest departure from the average of pedigree inbreeding coefficients. Method iv) using c ajk had exactly the same or almost the same largest inbreeding coefficient as that from the pedigree, whereas Methods i) and ii) all had much larger variations of inbreeding coefficients measured by SD and the range of the inbreeding coefficient estimates. Method iv) using c ajk of Definition VI had the highest correlation (r) with pedigree inbreeding coefficients (r50.434), followed by Method iv) using c ajk of Definition III (r50.419), Method iii) using A jk from Definitions I, II, IV and V (r50.367-0.380), Method ii) of Yang et al. [4] (r50.305), and Method i) using A ii from Definitions I, II, IV and V (r50.071-0.131) ( Table 5 ). While having the highest correlation with pedigree inbreeding coefficients, Method iv) as a method using parental SNP data also maintained most of the genomic specificity of the methods using the individual's own SNP data as discussed below.
The individual-by-individual comparison of Methods i), ii) and iv) with the pedigree method showed that Method iv) had similar patterns of the deviations as Method i) and ii) from the pedigree estimates of inbreeding coefficients and maintained most of the individual genomic specificity of a realized inbreeding coefficient. Fig. 3 shows that the three representative genomic methods for Table 5 . Correlation (r) between genomic and pedigree inbreeding coefficients. Table 4 . F p is the pedigree inbreeding coefficient.
doi:10.1371/journal.pone.0114484.t005 Fig. 3 . Comparison of three methods for calculating genomic inbreeding coefficients with pedigree inbreeding coefficients using a swine sample of 1022 individuals with genotyped parents. The three representative genomic methods for estimating inbreeding coefficient mostly had similar patterns of deviations from the pedigree estimates, but F-I (Method i) had the largest variations and F c -VI (Method iv) had the smallest variations. For the group of individuals marked by 'A', all three genomic methods had high inbreeding coefficients whereas the pedigree method had '0' inbreeding coefficients. For the group of individuals marked 'B', all three genomic methods had lower inbreeding coefficients than the pedigree estimates that were among the highest inbreeding coefficients in this sample.
doi:10.1371/journal.pone.0114484.g003 estimating inbreeding coefficient mostly had similar patterns of deviations from the pedigree estimates, but F-I (Method i) had the largest variations and F c -VI (Method iv) had the smallest variations. For the group of individuals marked by 'A', all three genomic methods had high inbreeding coefficients whereas the pedigree method had '0' inbreeding coefficients. These large differences between the genomic and pedigree estimates could have been due to pedigree errors or missing pedigree information. If either problem were true, this would be an example showing the usefulness of genomic inbreeding in the absence of pedigree information or in the presence of pedigree errors. For the group of individuals marked 'B', all three genomic methods had lower inbreeding coefficients than the pedigree estimates that were among the highest inbreeding coefficients in this sample. The correlation of inbreeding coefficients was 0.70-0.75 between Method iv) and Method i), and was 0.82 between Method iv) and Method ii), indicating that Method iv) maintained most of the genomic specificity of Methods i) and ii) while having the highest correlation with pedigree inbreeding coefficients ( Table 5 ). Method iv) and the other methods (including the ROH method to be discussed) could be complementary methods for calculating genomic inbreeding coefficients: Method iv) for predicting offspring inbreeding level using parental SNP genotypes even before the offspring were born, and the other methods for calculating genomic inbreeding coefficient using the individual's own SNP genotypes. Method iv) could be a useful genomic tool for managing inbreeding levels in breeding plans and wildlife conservation by calculating the predicted inbreeding coefficients for all hypothetical offspring of all possible mates and by selecting the mates with the lowest predicted offspring inbreeding coefficients, similar to the approach of a software for minimizing inbreeding in breeding plans using pedigree information [20] . The high correlation between genomic inbreeding coefficients from Method iv) and pedigree inbreeding coefficients likely was due to two reasons. First, genomic correlations had smaller variations than genomic relationships, SD 50.043-0.044 for Definitions III and VI of genomic additive correlations, and SD 50.087-0.108 for Definitions I, II IV and V of genomic additive relationships (Table 3) . Second, Method iv) used the same theoretical formula as pedigree inbreeding coefficient, i.e., inbreeding coefficient of the individual 5 coancestry coefficient of the parents, except that Method iv) uses parental SNP genotypes and pedigree inbreeding coefficient uses parental pedigree information. Within Method iv), the substantially higher correlation of Equation 36 than Equation 35 with the pedigree approach could be due to the fact that the genomic c ajk average values of Definition VI were closer to the pedigree average A jk than genomic A jk values of Definitions I, II, IV and V, as shown in Tables 2 and 3 . The exact reason why genomic inbreeding coefficients using the individual's diagonal genomic additive relationship of Definitions I, II, IV and V had the lowest correlation with pedigree estimates was unclear, but two potential reasons could be identified. First, the diagonal elements of Definitions I, II, IV and V fluctuated above and below '1' (S2 Figure) so that about half of the individuals had diagonal values below '1'. Second, diagonal elements of genomic relationships had large variations (Table 6 , S2 Figure) . It is worth noting that Definition IV had the largest variations in genomic relationships (additive and dominance), and its genomic inbreeding coefficient had the least correlation with pedigree inbreeding coefficient (r50.071, Table 5 ).
Method ii) was a substantial improvement over Method i) in correlation with pedigree estimates, r50.305 for Method ii), compared to r50.071-0.131 for Method i). However, diagonal elements used by Method ii) also had a large number of individuals with diagonal elements less than '1' (S2 Figure) . The averages of diagonal elements of Definitions I, II, VI and V used by Method i) and Definition IVb used by Method ii) were about '1' for the Holstein sample compared to the average of 1.05 of the pedigree diagonal values, and were 1.033-1.036 for the swine sample compared to the average of 1.017 of the pedigree diagonal values (Table 6) .
We were unable to make direct comparison between Method iv) and the approach of runs of homozygosity (ROH) for calculating genomic inbreeding coefficients [12] , because the Holstein sample has a small number of parents with SNP genotypes and the swine sample has anonymous SNP markers with unknown chromosome position. However, based on results in this study and in Keller et al. [12] , Method iv) would be competitive for calculating genomic inbreeding coefficients in terms of correlation with pedigree inbreeding coefficients. In Fig. 6 of Keller et al., the correlation between the genomic inbreeding coefficients using ROH and the pedigree inbreeding coefficients were higher than that of Yang et al. [4] (or Method ii) in this article) by less than 0.10, whereas such correlation from Method iv) was 0.114-0.129 higher than Method ii) of Yang et al. [4] . 
GBLUP and GREML from different definitions of genomic relationships
Definitions I-VI essentially had the same GBLUP of breeding values and dominance deviations that mostly had correlations of 0.99 among GBLUP from different definitions (S2 Table) . For GREML estimates of additive and dominance heritabilities, the six definitions also had similar results except the dominance heritability of Trait 3 for which Definitions IV and V had higher estimates, h (Table 7) . The different GREML estimates of dominance heritabilities by Definitions IV and V could be due to differences between SNP dominance effects from these two definitions and those from the other definitions, see below.
SNP additive and dominance effects Fig. 4 shows the distribution of SNP additive and dominance effects from Definitions I-VI and correlations of SNP effects between different definitions of genomic relationships. Both additive and dominance SNP effects had bell-shape distributions, but dominance effects (blue histograms in diagonal graphs) had a much narrower distribution than additive effects (red curves in diagonal graphs), consistent with the low dominance heritability and high additive heritability of the trait. By the sizes and distributions of SNP additive and dominance effects, the six definitions could be divided into two groups: Definitions I-III under the assumption of 'equal SNP effects' or 'across-SNP standardization' as one group, (Table 5) . Definitions I-III in the upper green box assume equal SNP effects or across-SNP standardization, and Definitions IV-VI in the lower green box assume equal SNP variance or within-SNP standardization. Diagonal graphs are distributions of SNP additive effects (red curves) and SNP dominance effects (blue histograms). Off-diagonal graphs are QQ plots relative to Definition I, with r 5 correlation coefficient in each graph. The lower off-diagonal graphs of QQ plots of SNP additive effects, and the upper off-diagonal graphs are the QQ plots of SNP dominance effects. and Definitions IV-VI under the assumption of 'equal SNP variance' or 'within-SNP standardization' as the other group. Graphs in the upper green box showed virtually identical additive and dominance effects from Definitions I-III. The lower green box showed virtually identical additive effects from Definitions IV-VI, and somewhat different dominance effects between Definition IV and Definitions V-VI. Graphs in the gold box showed similar additive effects between Definitions I-III and IV-VI although Definition VI led to substantially better estimates of genomic inbreeding coefficients (Tables 4 and 5, Fig. 3) , and graphs in the pink box showed that the differences between Definitions I-III and IV-VI were mainly in the highest and lowest dominance effects. The use of 'expected SNP variance' (Definitions I and IV) or 'sample SNP variance' (Definitions II and V) had similar SNP additive and dominance effects (gold and pink boxes).
Conclusions
The traditional quantitative genetics model was shown to be a unifying model to derive genomic additive and dominance relationships and genomic inbreeding coefficients. Genomic additive and dominance relationships between individuals on average agreed well with the pedigree relationship, but genomic relationships were realized genetic relationships with individual genomic specificity and had large variations not observed from pedigree relationships. Genomic relationships assuming equal SNP variances had larger variations than assuming equal SNP effects. Genomic inbreeding coefficients calculated from parental genomic correlations had high correlations with pedigree inbreeding coefficients and could be an effective genomic tool for predicting offspring inbreeding levels in breeding plans. 
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